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F. Rosenblatt et al. “Principles of Neurodynamics: Perceptrons and the Theory of Brain Mechanisms” in 1961.

Rumelhart et al. “Learning representations by back-propagating errors” in Nature 1986.

K. Fukushima, “Neocognitron: A self-organizing neural network model for a mechanism of pattern recognition unaffected by shift in position”, in
1980

Y. LeCun et al. “Gradient-based learning applied to document recognition” in IEEE 1998.
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DenseNet [Huang+, CVPR17]
CVPR Best Paper

YOLO

YOLOV2

batch norm?

hi-res classifier?
convolutional?
anchor boxes?

new network?
dimension priors?
location prediction?
passthrough?
multi-scale?

hi-res detector?
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VOC2007 mAP
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65.8 69.5 69.2 69.6 744 754 768 | 78.6

YOLO_v2 [Redmon+, CVPR17]
CVPR Honorable Mention Award
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First-Person Activity Forecasting With Online Inverse Reinforcement Learning
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Fashion Forward: Forecasting Visual Style in Fashion (ZJ7wv=3>X51)LDOFH)
The Pose Knows: Video Forecasting by Generating Pose Futures

What Will Happen Next? Forecasting Player Moves in Sports Videos

Encouraging LSTMs to Anticipate Actions Very Early

Anticipating Daily Intention Using On-Wrist Motion Triggered Sensing
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Transitional Action Recognition BMVC2016

B AR 18R U CTITEN A

[Proposal] [Previous works )
Short-term action prediction Early action recognition
recognize “cross” attime t; recognize “cross” at time
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Walk straight Walk straight — Cross Cross
(Action) (Transitional action) (Action)

The cross action can be predicted
- at time t5 (our proposal)
- at time t9 (previous works)

H. Kataoka et al. “Recognition of Transitional Action for Short-Term Action Prediction using Discriminative Temporal CNN Feature” in BMVC, 2016.

https://www.youtube.com/watch?v=m1AmdlYGaBY &vl=en (Acceprance rate: 39%)




Human Action Recognition without Human ECCVW2016
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H. Kataoka et al. “Human Action Recognition without Human” ECCV 2016 Workshop Oral (Best Paper) & MIRU 2017 Oral.



Accelerated Images
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H. Kataoka et al. “Motion Representation with Acceleration Images” in ECCV 2016 Workshop, 2016.




Semantic Change Detection arXiv2016
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Semantic Change Detection
H. Kataoka et al. “Semantic Change Detection with Hypermaps” in arXiv 1604:7513, 2016.



Movie Poster Database (MPDB) MVA2017
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Y. Matsuzaki et al. “Could you guess an interesting movie from the posters?” in MVA, 2017.



Pedestrian Near-Miss Detection MVA2017
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T. Suzuki et al. “Pedestrian Near-Miss Analysis on Vehicle-Mounted Driving Recorders” in MVA, 2017.
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Y. Matsuzaki et al. “Generated Motion Maps” in CVPRW, 2017.



Dynamic Fashion Cultures MIRU2017
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K. Abe et al. “Dynamic Fashion Cultures”, arXiv, 2017 & MIRU 2017 Oral. (Best Student Paper)



3D ResNets ICCVW2017
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K. Hara et al. “Learning Spatio-Temporal Features with 3D Residual Networks for Action Recognition”, ICCVW, 2017.
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