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MPII cooking activity dataset{Rohrbach, CVPR2012]

Appearance model (59.2%) > Pose model (34 6%)

M. Rohrbach+, “A Database for Fine Grained Activity Detection of Cooking Activities”, in CVPR2012.
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H. Wang+, “Dense Trajectories and Motion Boundary Descriptors for Action Recognition”, in [JCV2013.
H. Kataoka, “ [Fa2— kYU F7IL] SR AY - YIEFZEEILMT —Dense Trajectories—, in Slideshare.

http://www.slideshare.net/HirokatsuKataoka/dt-tutorial
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H. Kataoka+, “Extended Co-occurrence HOG with Dense Trajectories for Fine-grained Activity Recognition”, in ACCV2014.
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T. Watanabe+, “Co-occurrence histograms of oriented gradients for pedestrian detection”, in PSIVT2009.
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Bin No.

B1 B2 B10 >
0.00 0.00 0.00 0.00 0.00 0.41 0.00 0.00 0.10 0.00
0.00 0.00 0.00 0.00 0.00 0.41 0.00 0.00 0.20 0.00
0.00 0.00 0.00 0.00 0.00 0.71 0.00 0.00 0.10 0.00
0.00 0.00 0.00 0.00 0.00 0.25 0.00 0.00 0.30 0.00
0.00 0.00 0.00 0.10 0.00 0.80 0.00 0.00 0.10 0.00
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H. Wang+, “Dense Trajectories and Motion Boundary Descriptors for Action Recognition”, in [JCV2013.
H. Kataoka, “ [Fa2— KU 7 IL] SR AY - ¥AEEREELT —Dense Trajectories—, in Slideshare.

http://www.slideshare.net/HirokatsuKataoka/dt-tutorial
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(X UY).count
n
confidence = (X UY).count
X .count

R. Agrawal+, “Mining Association Rules between Sets of Items in Large Databases”, in SIGMOD1993.
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— K™ (Time Zone)
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* “morning”, “day time”, “night”
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 “use a PC”, “read”, “meal”...
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morning walk sit book
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? day walk sit pc
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15 day walk sit pc
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