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DenseNet [Huang+, CVPR17]
CVPR Best Paper

YOLO

YOLOV2

batch norm?

hi-res classifier?
convolutional?
anchor boxes?

new network?
dimension priors?
location prediction?
passthrough?
multi-scale?

hi-res detector?
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VOC2007 mAP
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65.8 69.5 69.2 69.6 744 754 768 | 78.6

YOLO_v2 [Redmon+, CVPR17]
CVPR Honorable Mention Award
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Figure 1. Example reconstructed spaces in ScanNet annotated with 51/101 200 400 487 /4716

instance-level object category labels through our crowdsourced
annotation framework.
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Real vs Refined — ‘ h SimGAN [Shrivastava+, CVPR17]
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[Proposal] [Previous works )
Short-term action prediction Early action recognition
recognize “cross” attime t; recognize “cross” at time

Al

:
!
‘& J
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A . ) A Y -
7 { !, l- ! { lin / [

! [ Il;
Walk straight Walk straight — Cross Cross
(Action) (Transitional action) (Action)

The cross action can be predicted
- at time t5 (our proposal)
- at time t9 (previous works)

H. Kataoka et al. “Recognition of Transitional Action for Short-Term Action Prediction using Discriminative Temporal CNN Feature” in BMVC, 2016.

https://www.youtube.com/watch?v=m1AmdlYGaBY &vl=en (Acceprance rate: 39%)
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H. Kataoka et al. “Human Action Recognition without Human” ECCV 2016 Workshop Oral (Best Paper) & MIRU 2017 Oral.
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Physics quantity
Input RGB Flow image Acceleration image
Stream Spatial-stream Temporal-stream Acceleration-stream

H. Kataoka et al. “Motion Representation with Acceleration Images” in ECCV 2016 Workshop, 2016.
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Results t,

Results t,
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Semantic Change Detection
H. Kataoka et al. “Semantic Change Detection with Hypermaps” in arXiv 1604:7513, 2016.
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Y. Matsuzaki et al. “Could you guess an interesting movie from the posters?” in MVA, 2017.
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https://www.youtube.c’n/watch?v=WnonhQIiDs

.youtube.com/wa@v:qbKuubeXDO

Risk high Risk low

T. Suzuki et al. “Pedestrian Near-Miss Analysis on Vehicle-Mounted Driving Recorders” in MVA, 2017.
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Y. Matsuzaki et al. “Generated Motion Maps” in CVPRW, 2017.
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2014

geo-tag imgs
person bboxes
cosmopolitan cities

K. Abe et al. “Dynamic Fashion Cultures”, arXiv, 2017 & MIRU 2017 Oral. (Best Student Paper)
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https://github.com/kenshohara/3D-ResNets
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K. Hara et al. “Learning Spatio-Temporal Features with 3D Residual Networks for Action Recognition”, ICCVW, 2017.
(A—F&ETILAKHFE)
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