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DiffusioNeRF: Regularizing Neural Radiance Fields

with Denoising Diffusion Models
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NeRDi: Single—View NeRF Synthesis with Language—Guided

Diffusion as General Image Priors
Congyue Deng, Chiyu Max' Jiang, Charles R. Qi, Xinchen Yan, Yin Zhou, Leonidas Guibas, Dragomir Anguelov
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Magic3D: High—Resolution Text-to—3D Content Creation

Chen-Hsuan Lin, Jun Gao, Luming Tang, Towaki Takikawa, Xiaohui Zeng, Xun Huang, Karsten Kreis, Sanja Fidler, Ming-Yu Liu, Tsung-Yi Lin
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Latent—NeRF for Shape—Guided Generation of 3D Shapes and

Textures
Gal Metzer, Elad Richardson, Or Patashnik, Raja Giryes, Daniel Cohen-Or
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GeNVS: Generative Novel View Synthesis with 3D—-Aware

Diffusion Models

Eric R. Chan, Koki Nagano, Matthew A. Chan, Alexander W. Bergman, Jeong Joon Park, Axel Levy, Miika Aittala, Shalini De Mello, Tero Karras, Gordon Wetzstein
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Fantasia3dD: Disentangling Geometry and Appearance for

High—quality Text—to—3D Content Creation

Rui Chen, Yongwei Chen, Ningxin Jiao, Kui Jia
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MobileNeRF: Exploiting the Polygon Rasterization Pipeline for Efficient
Neural Field Rendering on Mobile Architectures

Zhigin Chen, Thomas Funkhouser, Peter Hedman, Andrea Tagliasacchi
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e Compressing Volumetric Radiance Fields to 1 MB

Lingzhi Li, Zhen Shen, Zhongshu Wang, Li Shen, Liefeng Bo
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_ Masked Wavelet Representation for Compact Neural
Acceleration

Radiance Fields

Lingzhi Li, Zhen Shen, Zhongshu Wang, Li Shen, Liefeng Bo
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SPARF: Neural Radiance Fields from Sparse and

Noisy Poses

Prune Truong, Marie-Julie Rakotosaona, Fabian Manhardt, Federico Tombari
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MixNeRF: Modeling a Ray with Mixture Density for Novel View

Synthesis from Sparse Inputs

Seunghyeon Seo, Donghoon Han, Yeonjin Chang, Nojun Kwak
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FreeNeRF: Improving Few—shot Neural Rendering with Free

Frequency Regularization

Jiawei Yang, Marco Pavone, Yue Wang
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FlexNeRF: Photorealistic Free—viewpoint Rendering of Moving

Humans from Sparse Views

Vinoj Jayasundara, Amit Agrawal, Nicolas Heron, Abhinav Shrivastava, Larry S. Davis
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Learning Neural Radiance Fields from Multi—View Geometry

Marco Orsingher, Paolo Zani, Paolo Medici, Massimo Bertozzi
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PS—NeRF: Neural Inverse Rendering for Multi—view

Photometric Stereo

Wengqi Yang, Guanying Chen, Chaofeng Chen, Zhenfang Chen, Kwan-Yee K. Wong
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Fig. 2. Given multi-view multi-light images, we first obtain guidance normal maps via
uncalibrated photometric stereo (UPS) to regularize the neural density field, which
encourages accurate surface reconstruction. We then perform neural inverse rendering
to jointly optimize surface normals, BRDF's and lights based on the initial shape.
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SINE: Semantic—driven Image—based NeRF Editing with

Compositionality Prior—guided Editing F|e|d

Chong Bao, Yinda Zhang, Bangbang Yang, Tianxing Fan, Zesong Yang, Hujun Bao, Guofeng Zhang, Zhaopeng Cui
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Ref-NPR: Reference—Based Non—Photorealistic Radiance

Compositionalit . . .
el Ficlds for Controllable Scene Stylization
Yuechen Zhang, Zexin He, Jinbo Xing, Xufeng Yao, Jiaya Jia
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EditableNeRF: Editing Topologically Varying Neural

sdiasnsll Radiance Fields by Key Points

Yuechen Zhang, Zexin He, Jinbo Xing, Xufeng Yao, Jiaya Jia

M=

{a) Input Sequence (b) Reconstruction (c) Editing Results

1P RE— KA MRETRETEAY e et —— - o
1S —2UNeRFZIRE, ¥ —RAUMZEDE 2 Py (oo %‘g&. Eating -\“@“ v A“

0
7__\ )L"t L, N TI-;Ot)l/ I:P —c‘:i E L 0) ,Fﬁ“ 0) ﬁj\jﬁj:&a) Knocking on each plano key ' Novel view (key poir ’ .?--} Playing a plece of music Sliding on the plano keys )

BN DF — KA EDIMET B ETR b ,
gt Joad, KL, g il

i Shaking and lifting either cup Novel view (2 key points) Freely moving for two dice cup:
%ﬁ %E |$ (one moves, the other stands)

PEEEEELY  BEEDBRENST /T—3
VIELTREERRETHLI AN =—Y

34



PaletteNeRF: Palette—based Appearance Editing of

Compositionalit . .
el Neural Radiance Fields

Zhengfei Kuang, Fujun Luan, Sai Bi, Zhixin Shu, Gordon Wetzstein, Kalyan Sunkavalli
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MagicPony: Learning Articulated 3D Animals in the

Compositionality Wlld

Shangzhe Wu, Ruining Li, Tomas Jakab, Christian Rupprecht, Andrea Vedaldi
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DBARF: Deep Bundle—Adjusting Generalizable
Neural Radiance Fields

Yu Chen, Gim Hee Lee
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Camera Pose

No Pose Prior

NoPe—NeRF: Optimising Neural Radiance Field with

Wenjing Bian, Zirui Wang, Kejie Li, Jia-Wang Bian, Victor Adrian Prisacariu
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BAD—-NeRF: Bundle Adjusted Deblur Neural
Radiance Fields

Peng Wang, Lingzhe Zhao, Ruijie Ma, Peidong Liu
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SPARF: Neural Radiance Fields from Sparse and
Noisy Poses

Prune Truong, Marie-Julie Rakotosaona, Fabian Manhardt, Federico Tombari
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FlexNeRF: Photorealistic Free—viewpoint Rendering of

Moving Humans from Sparse Views

Vinoj Jayasundara, Amit Agrawal, Nicolas Heron, Abhinav Shrivastava, Larry S. Davis
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HandNeRF: Neural Radiance Fields for Animatable

Interacting Hands

Vinoj Jayasundara, Amit Agrawal, Nicolas Heron, Abhinav Shrivastava, Larry S. Davis
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PersonNeRF: Personalized Reconstruction from Photo

Collections

Chung-Yi Weng, Pratul P. Srinivasan, Brian Curless, Ira Kemelmacher-Shlizerman
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